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Introduction Leaf Reconstruction

We build a neural parametric

Parametric models (e.g., SMPL, FLAME, SMAL) model for leaves. Neuraleaf ygiwd C-Ezggr;m] ! 1;521 Corris-free Temi-free Inf. 11:151@;6 E
successfully re }resent humans and animals ’ . ’ B-spline %7 0957 y 8
o \ represents shapes of various NDM S ooel Y v s
.; How about leaves? ~ leaf species and natural 3D NeuraLeaf 21 0973 v 55
Challenges )\ deformation, along with fine- single leat
ck large-scale 3D leaf dataset e rained texture. - | . \
}Iférge Vy‘?atlons of sllleape*and deforn\aatlon - jf 4 Eg\; . A_b — :_ P g\)
 Lack constraint in"deformation modeling NeuraLeaf Model L z Ij\ﬂ [ L4 ks _— W
DeformLeaf Dataset Key idea: Disentangling leaf modeling into 2D base shape, texture, and PCA B-Spline ~ NPM  Neuraleaf  GT
3D deformation spaces, each conditioned by an independent latent code. multiple leaves

10 OF

2D capture

Shape Skinning
Decoder Decoder

Base shape

\
\
\
\

Texture Transform Input image & depth Output: occlusion-aware

= ﬁenerat% Teture Decoder high-fidelity shape

Deforméd shape

Base shape & texture space Leaf Modeling
Base-deformed r " ‘ﬁ ““““““ PV
|| mm e el
| $-0-e-.n — . interpolation
ARSI .
300+ 3D shapes Download BNl | I 4t000 Deformation ‘ ‘ ( ‘( .( '( '(
, -+ ¥ 1nstances ' ’
30+ leaf species Here! | interpolation " \ \ \




	Slide 1

